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Contributions LocScore: Localization-aware Metrics
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« Patch-level matching with max-similarity scoring for image ranking.

 (b) further enables user-controllability with the notion of “good localization”.

A Bag of Practical Findings

High AP Does Not Guarantee Correct Localization Local Features Help for Small and Off-Center Objects Spatial Granularity Alone Is Not Enough Competitive Localized Retrieval with a Handful of Features
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AP=0.636 loU: 0.17 loU: 0.56 lou:0.24  loU: 0.15 - . + Retrieval performance increases with finer region granularity. » Patchify provides strong first-stage retrieval performance.
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« Both examples achieve perfect ranking performance. * However, gains diminish with overly dense sampling. It integrates effectively with reranking pipelines using only a handful of features.
 However, their predicted regions show very different spatial * Global representations blur localized evidence, failing to capture small or off-center * Sliding window results suggest that increasing spatial coverage * With Product Quantization, memory usage remains comparable to global search and
overlap with the target. objects accurately, and more distracted. alone is insufficient. significantly lower than dense local reranking methods.
« AP measures which images are retrieved, while LocScore » Patch-based(local patch matching) retrieval preserves spatial cues, enabling more « Region proposal results further indicate that both window size » Patchify strikes a practical balance between accuracy, scalability, and efficiency.

further evaluates how well they are spatially aligned. robust localization and consistent performance. and region granularity are critical for optimal performance. * Patchify provides a strong and practical starting baseline for localized retrieval !
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